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Introduction

rice dispersion refers to the variation in prices among

homogeneous goods at a given point in time. In the housing

market, this concept highlights the situation where prop-
erties within the same area, sharing similar characteristics, are
sold at different prices over the same time period. (Leung et al.
2006; Lisi, 2019; He et al. 2020). This variability gives rise to a
critical financial concept: the idiosyncratic aspect of capital gains
(Giacoletti 2021). Unlike market-wide trends, these gains are
unique to individual properties and are not easily predictable due
to a myriad of specific factors that influence each transaction.
Investigating the potential channels in affecting house price dis-
persion has welfare implications for understanding the idiosyn-
cratic risk associated with households” investments in residential
housing'.

Housing market is decentralized, segmented, illiquid, and
involved with high transaction costs in the searching-and-
matching process (Piazzesi and Schneider 2009; Genesove and
Han 2012; Piazzesi et al. 2020; Han and Strange 2014; Turnbull
and van der Vlist 2022). The predominant source of price dis-
persion could be the uncertainty in pricing during transactions,
attributable to scarce trading opportunities. Upon deciding to sell,
a homeowner encounters potential buyers with varied valuations,
influenced by heterogeneous preferences and asymmetric infor-
mation. However, due to high transaction costs, sellers often
interact with a limited subset of buyers, potentially selling to the
buyer with the highest offer within this group. The smaller the
pool of active buyers that engage with each seller, the more
pronounced the influence of buyers’ individual assessments on
the variability of housing prices. Thus, this “matching uncer-
tainty” results in price dispersion and contributes to the variance
in individual property prices and capital gains (Giacoletti 2021).

Another significant source of housing price dispersion is
imperfect price information (Li and Chau 2024; Siebert and Seiler
2022). Informational efficiency facilitates asset pricing and
reduces search frictions. When market agents are well informed,
they can trade optimally and seize arbitrage opportunities to
eliminate price differentiation. In contrast, uninformed agents are
more likely to pay higher housing prices and sell at a discount
compared to better-informed sellers (Chinco and Mayer 2016;
Fan et al. 2023). Thus, the availability and quality of price
information can largely explain housing price dispersion.

Given the prevalence and salience of housing price dispersion,
we examine the impact of investor activities on housing price
dispersion. Housing investment involves the strategic purchase
and retention of residential properties, aiming to sell them for a
profit once their market value increases. The purpose of these
investment activities is to achieve capital gains rather than rental
income from residential services. Housing investors strategically
purchase properties at lower prices and sell them at higher prices,
thereby providing liquidity to the market (Bayer et al. 2020).
Thus, investors reduce “matching uncertainty” arising from
limited trading opportunities by increasing market liquidity and
facilitating price discovery. Specifically, investors create a more
dynamic market and offer sellers a quicker and more certain path
to liquidate their assets while avoiding the idiosyncratic risks
associated with housing markets.

Recent investment activities increase the number of compar-
able trades in both temporal and spatial proximity, which can
endogenously reveal how attributes are capitalized in the local
market. In this context, investors facilitate price discovery by
providing price information that reflects the willingness-to-pay
(WTP) in current market conditions. Specifically, the prevalence
of misinformed agents or “fire sales” creates arbitrage opportu-
nities for investors to gain excess returns by targeting properties
and negotiating transaction prices with specific trading partners”.
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In this way, well-informed investors can identify and exploit
mispricing in the market, leading to a narrowing of the price
disagreement between similar properties. As a result, investors
may mitigate price dispersion by providing price information
from comparable trades.

In an ideal efficient market, investors are well-informed, face
no transaction costs or entry barriers, and can immediately
identify and act on arbitrage opportunities, which allows for
rational decision-making. In reality, however, agents often lack
perfect information, particularly in housing investment, and tend
to rely on peers’ opinions as informational clues, albeit that such
information is misleading. In this context, investors may act as
noise-driven traders, irrationally amplifying and propagating
biased information through self-reinforce mechanisms (Gao et al.
2021). Noise-driven traders are broadly defined as investors who
trade based on factors unrelated to fundamentals, leading to price
deviations from intrinsic values and increased volatility (Cutler
et al. 1991; De Long et al. 1990). Research shows that even a tiny
fraction of housing investors can significantly affect the entire
market by spreading biased expectations (Anenberg and Kung
2014; Piazzesi and Schneider 2009; De Stefani 2021). Such noise-
driven trading may distort available information and lead to more
dispersed housing prices (Glaeser and Nathanson 2017). Overall,
whether housing investors mitigate or exacerbate price dispersion
remains unclear. Despite the abundant literature on the investors’
behaviors and consequences, little is known about the role of
housing investors in influencing price dispersion.

We empirically investigate the role of housing investors in
affecting price dispersion. After removing price differentials dri-
ven by market fluctuations and inherent differences in ex-ante
heterogeneous housing attributes, the residual variation in pricing
is a proxy for the housing price dispersion (Li and Chau 2019).
We construct novel measures of investment activities at the
housing estate’ level by using property-level transactions in the
Hong Kong private residential market between 1994Q1 and
2019Q4. The microdata enables us to establish a remarkably
detailed holding profile for each individual for identifying
investors. Exploiting the temporal and spatial variation in
investor activities, we aim to address the issues: First, how do
investor activities affect housing price dispersion? Second, how
does the impact of investor activities on the price dispersion vary
with the boom-bust cycle? Third, what are the main mechanisms
through which investor activities influences housing price
dispersion?

We first systematically document the presence and several
stylized facts regarding housing price dispersion based on micro-
level transactions in Hong Kong’s private housing markets. We
reveal that housing price dispersion exhibits a counter-cyclical
pattern relative to boom-bust market cycles. Secondly, we find
that investment activities can significantly reduce the housing
price dispersion. Thirdly, we find that the reduction effect of
investor activities on housing price dispersion is stronger during
market downturns than during market booms. Last but not least,
we find that nearby investment activities can affect local housing
price dispersion through information spillover mechanisms. Our
study contributes to understanding the informational role of
housing investors in asset pricing and housing price dispersion.

This research contributes to several strands of the literature.
Firstly, it adds to the understanding of the existence and sources
of housing price dispersion. First demonstrated by Case and
Robert (1988), individual house prices change more volatilely
than city-wide average prices. Some studies relate the existence of
housing price dispersion with liquidity available on the market.
Kotova and Zhang (2024) argue that idiosyncratic price disper-
sion is the equilibrium outcome driven by the supply and demand
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of liquidity®. Giacoletti (2021) suggests most idiosyncratic house
price volatility is due to liquidity risk. Likewise, Zheng and Hui
(2016) argue that selling housing property in illiquid markets
commands a high liquidity risk premium. Yiu et al. (2008) find a
negative relationship between transaction volume and price dis-
persion. Moreover, some reveal that individual-level transaction
frictions can also cause price dispersion, including heterogeneous
preferences (Zhou et al. 2015), bargaining power (Harding et al.
2003), neighborhood attributes® (Peng and Thibodeau 2017), and
differences in search costs and ability to obtain information
(Leung and Zhang 2011). We contribute to this strand of litera-
ture by systematically documenting the stylized facts of housing
price dispersion using more granular transaction-level data.

Secondly, we further contribute by highlighting housing
investors’ informational role in explaining price dispersion
(Kotova and Zhang 2024; Giacoletti 2021; Peng and Thibodeau
2017; Leung et al. 2006; Ben-Shahar and Golan 2019). The role of
information efficiency in explaining price dispersion has gained
increasing popularity in recent years (Lisi 2019; Maury and
Tripier 2014). Ben-Shahar and Golan (2019) find that improved
information shock leads to a decline in the standard deviation of
quality-adjusted prices. We contribute to this literature by
examining investors’ informational role in price dispersion,
highlighting their welfare-enhancing impact on reducing disper-
sion and improving information efficiency (Bayer et al. 2020;
Bayer et al. 2021; K. K. Deng et al. 2022; Fu et al. 2016; Freybote
and Seagraves 2017; H. Zheng et al. 2023; Broxterman and Zhou
2023). We further contribute to the literature on the price
information spillovers through social learning within nearby
neighborhoods (De Stefani 2021; Singh et al. 2023; Bayer et al.
2021). We extend this literature by offering evidence of price
information spillovers in the price discovery process in the
housing markets.

Thirdly, this study connects to the literature on the market
consequences of housing investors’ behaviors and strategies in
local markets. In perfectly efficient markets, where rational par-
ticipants have complete information, prices would align closely
with market fundamentals (Fama 1965). However, the coex-
istence of rational agents and noise-driven traders creates a more
complex and less predictable market dynamic. Despite the long-
standing theoretical and practical research on the market per-
formance and welfare implications of investors (e.g., irrational
housing bubble, short-term momentum, pricing anomalies,
market efficiency, etc.), the existing empirical evidence on the
impact of investors on price dispersion has been minimal and
infinitive. We contribute to this literature by analyzing how
informed versus noise-driven traders exert heterogeneous effects
on housing price dispersion.

The rest of this paper is organized as follows: Section “Theo-
retical Analysis and Hypotheses Development” develops the
theoretical analysis and hypotheses; Section “Data and Key
Variables” describes the dataset and presents our analysis of
descriptive statistics; Section “Identification Strategies” presents
identification strategies; Section “Empirical Results” reports
empirical results and implications; Section “Conclusion”
concludes.

Theoretical Analysis and Hypotheses Development

We theoretically examine the role of investors in the housing
price formation process: (i) they provide liquidity and increase
comparable sales with spatial proximity, immediacy, and simi-
larity in housing characteristics; (ii) their trading behaviors serve
as price signals for other market participants. Friedman (1996)
suggests that rational investors play a role in stabilizing prices,
particularly through informed traders who enhance informational

efficiency and maintain market stability. As new information
becomes available, market participants adjust and update asset
valuations. Frequent investment activities enable agents to access
accurate and immediate information revealed by comparable
transactions. This improved information facilitates price dis-
covery and reduces price divergence for homogenous properties.
If price dispersion arises from asymmetric information between
trading parties, the availability of high-quality information may
help reduce the ask-bid spread and facilitate price discovery
(Stein 1995; Wu and Deng 2015; Zhou et al. 2015).

Housing investors aim to buy low and sell high to profit,
playing a key role in maintaining market activity, particularly
during periods of low demand (Bayer et al. 2020). Unlike credit-
constrained homebuyers, investors often have better access to
financing and stronger bargaining power, which allows them to
acquire multiple properties at relatively lower opportunity costs.
These advantages also enable investors to make quick purchases
and reduce market friction. Experienced investors are skilled at
targeting underpriced properties and negotiating favorable terms.
They may also use networks or platforms to identify motivated
sellers, streamlining the transaction process. In this scenario,
investors provide liquidity to homeowners needing to sell quickly,
facilitate more comparable transactions, improve information
efficiency, and reduce price dispersion.

However, the impact of investor activities on price dispersion
depends heavily on the quality of revealed price information.
Noise-driven trading can distort price information and exacerbate
price dispersion through a self-reinforcing positive feedback
mechanism. Additionally, investors may learn biased expectations
about market fundamentals from others’ trading behaviors.
Shiller (2011) argues that an irrational exuberance could spread
spatially due to psychological contagion. Glaeser and Nathanson
(2017) propose a biased learning model to rationalize housing
price anomalies. Gao et al. (2021) find noises in household
learning could spread to local economy and cause price distor-
tion. Consequently, noise-driven information creates price dis-
tortions and inhibits price discovery, significantly increasing price
dispersion. Overall, the relative presence of informed and noise-
driven investors modifies trading composition and further affects
informational efficiency, thereby impacting housing price
dispersion.

Informed housing investors can enhance the aggregation of
high-quality price information and improve information effi-
ciency, thereby reducing price dispersion. As more price infor-
mation becomes available, housing prices for similar properties
tend to converge, reducing price dispersion. This process con-
tributes to welfare enhancement by facilitating more accurate
price discovery, ensuring that market transactions reflect under-
lying property values. Conversely, noise-driven investors may
amplify biased information. This can drive prices away from
market fundamentals. It also distorts price informativeness and
leads to an increase in price dispersion. These varied theoretical
predictions suggest that the effect of investor activities on price
dispersion is an empirical matter. Overall, the relationship
between investment activity and housing price dispersion remains
inconclusive due to the trading composition of informed and
noise-driven investors. Therefore, we formulate the first
hypothesis as follows:

Hypothesis 1: Housing investment activities help reduce price
dispersion, ceteris paribus.

It is well-established that market participants respond asym-
metrically in bull and bear markets, driven by overreactions to
positive news (Fu and Qian 2014) and loss aversion (Genesove
and Mayer 2001). This asymmetry is widespread and persistent in
capital markets, particularly in real estate markets characterized
by boom-bust cycles (Bolt et al. 2019; Burnside et al. 2016). The
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composition of informed versus noise-driven investors varies
across these cycles. Consequently, it is essential to examine
whether the impact of investor activities on price dispersion
displays asymmetric behavior in growing versus declining hous-
ing markets.

During housing booms, informed investors provide liquidity
and price information derived from recent comparable sales.
However, noise-driven investors, lacking rational expectations
and expertise, are drawn to the market by contagion effects. These
investors typically underperform in capital returns and struggle
with timing their entry and exit (Bayer et al. 2020; Li and Chau
2024), leading to irrational trading that amplifies and spreads
biased information. This distorts price expectations, attracting
more optimistic noise-driven investors and creating a feedback
loop that drives prices away from their intrinsic value. Restric-
tions on short selling further weaken the mean reversion process
in price discovery. As a result, informed arbitrageurs face risks
and costs when attempting to correct price overreactions. This
leads to prolonged mispricing. In other words, noise-driven tra-
ders crowd out rational investors, preventing transactions from
accurately reflecting their fundamental value. As a result, while
informed investors help to stabilize the market and improve
liquidity, the influx of noise-driven investors alters the market
composition, dampening the impact of informed trading.

In a declining housing market with lower turnover and
transaction volumes, participants often lack up-to-date informa-
tion due to limited comparable transactions. With reduced
demand and increased supply, buyers become more price-
sensitive and adopt a wait-and-see attitude, resulting in longer
time on market (TOM). Sellers face a smaller pool of bidders. As
a result, they may hesitate to accept lower offers due to the dis-
position effect. This makes transactions more difficult. In the
sluggish market, informed investors absorb risks that home-
owners may avoid, thereby facilitating transactions. For example,
investors may target and purchase undervalued properties, par-
ticularly in “fire sale” scenarios, acting as a counterparty to sellers
eager to sell quickly. Additionally, buyers hold more bargaining
power in a declining market, which allows investors to leverage
this advantage to negotiate and narrow sellers’ reservation prices.
As expectations decline, informed investors may exit to limit
losses, while noise-driven investors become less active due to
short-selling restrictions.

Although informed investors can identify temporarily over-
and underpriced properties, short-selling constraints make it
difficult for them to act on overpriced ones. As a result, they tend
to target underpriced properties instead. The strategic trading of
housing investors, combined with their ability to absorb risks that
homeowners may avoid, plays a welfare-enhancing role by pro-
viding liquidity and improving price efficiency. The trading
composition between informed and noise-driven investors varies
across boom-and-bust cycles; specifically, noise-driven investors
are more prevalent during booms than during downturns. This
disparity leads to a more pronounced reduction in price disper-
sion during downturns, thereby explaining the observed asym-
metric patterns. Therefore, we posit the following hypothesis:

Hypothesis 2: The impact of housing investment activities on

price dispersion manifests as an asymmetric pattern in a cool

and hot market, ceteris paribus.

Beyond broad market signals, the spatial correlation of housing
price dynamics provides localized information for nearby
neighborhoods (Bailey et al. 2018; Gao et al. 2021). The aggre-
gation, sharing, and learning of local information significantly
shape investment decisions. New investors often adopt strategies,
beliefs, and insights from peers in their immediate vicinity. As a
result, investors may adjust their beliefs about market funda-
mentals or learn practical investing strategies from surrounding
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comparable sales (Seru et al. 2009). Consequently, housing mar-
ket participants’ asset valuations and expectations are often
shaped by local information, making them more vulnerable to the
behaviors of those in their immediate neighborhoods (Miao et al.
2011; Zhu et al. 2013). For example, Pirinsky and Wang (2006)
argue that local investors may interact and influence each other’s
decision-making, often mimicking the trading behaviors of
nearby investors. Bayer et al. (2021) further find that homeowners
are more likely to invest in real estate after witnessing profitable
housing transactions in nearby metropolitan areas. Bailey et al.
(2018) also suggest that individual recent housing purchases can
directly affect others’ expectations and behaviors through geo-
graphically distant social networks.

In this context, price information spillovers through social
learning within nearby neighborhoods play a crucial role in the
price discovery process. Thus, the impacts of investor activities on
housing price dispersion could spill over to surrounding locations
as a result of such information spillovers. Consequently, we
advance the following hypothesis:

Hypothesis 3: The investment activities in the immediate

neighborhood can indirectly affect local housing price dispersion.

Data and Key Variables

Data and preliminary description. Three essential characteristics
of Hong Kong’s private housing market (HKPHM) make it a
compelling and appropriate setting for studying the relationship
between investor activities and housing price dispersion. First,
HKPHM is mature, active, and relatively liquid® (X. Zheng and
Hui 2016). There were plenty of speculative activities in the
HKPHM during the booms. Second, the housing transaction
records with detailed asset-level information have been registered
with the Hong Kong Land Registry at the time of purchase. This
highly frequent and reliable micro-transaction data enables us to
construct various trading indicators at more granular level. Third,
the transaction records include detailed geographic information,
allowing us to capture spatial dynamics and within-market
interactions arising from information spillovers.

We use housing transaction records obtained from the Hong
Kong Economic Property Research Centre (EPRC) in the
HKPHM between 1994 and 2019. Each transaction record
includes information on transaction date and price, name of
buyer and seller, housing type, address (district, street, building
name, floor level, unit number), saleable floor area (SFA), gross
floor area (GFA), number of bedrooms, year built, and facilities
(e.g., swimming pool and club). Besides, each housing estate is
geo-coded based on Google’s map.

We employ the following criteria to construct the sample for
empirical analysis. First, we only focus on the residential resale
properties based on the sale and purchase agreement where
individual buyers and sellers negotiate the transaction prices. An
transactions purchased by institutional agents are excluded’.
Second, we exclude the non-arm’s length transactions (e.g., gift
deeds, special deals, name changes, or data entry error), which
deviate largely from market prices®. We also drop transactions
with incomplete details in transaction date, price, or floor. Third,
we additionally drop the top and bottom 1 percent of transaction
prices and saleable floor area to avoid biased resulting from
outliers, as they are either uncommon properties (e.g., extremely
poor or luxury units) or merely reflect recording errors. Fourth,
we primarily concentrate on the major large housing estates to
rule out the estimation bias from outliers.

Measuring price dispersion. The primary goal of this research is
to examine the impact of investment activity on housing price
dispersion. In this section, we describe how we measure price
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dispersion. First, we have to decompose housing prices into
several components based on the following specifications.
Omitted variables bias is a potential concern with the pure
hedonic price model (Rosen 1974). Unobserved quality factors
(e.g., views, natural light) can also significantly affect market
prices. For instance, Mak et al. (2010) find that better views and
symbology (unlucky numbers) affect property prices in Hong
Kong. To address these concerns, we follow Kotova and Zhang
(2024)° to combines the repeat sales model (which removes time-
invariant property characteristics and isolates price impacts) and
the hedonic price model (which captures time-varying price
effects of observable characteristics). Price dispersion is measured
using the residual term from the combined model in Eq. (1). The
combined model is specified as follows:

Pyt =po TV, T Uiy +f( te Epit 1)
i =Ppis — Ppit (2)

P, ;. denote the log unit price'” of housing property p in housing

estate i traded in period t. x, represents a set of time-invariant

observable attributes of housing flat p, including building age,
floor level, saleable floor area, and dummy indicators for features
such as duplexes, roofs, balconies, parking spaces, gardens, bay
windows, and bay window area. y, denotes the housing property-
level fixed effect, capturing all time-invariant observable and
unobservable housing attributes. #,, represents the estate-year-
quarter fixed effects, which captures parallel trends in log prices
within a specified housing estate over time.

In the absence of the f(x,,t) term, Eq. (1) resembles a pure
repeat-sales model'’, where the housing property-level fixed
effects y, control for time-invariant characteristics specific to each

property, leaving only estate-specific time effects #,,. The pure

repeat-sales model assumes that, after differencing out property-
level features, all houses within a specified area (in this case, a
housing estate) follow parallel trends in their price changes.
However, houses in different geographic locations or with
varying characteristics, such as size or age, may appreciate at
different rates. To capture idiosyncratic house price variation,
we add the term f(x,, t) to allow the conditional mean of P, ;, to

change as a smooth function of observable attributes x, and

time t. It enables observable housing attributes to exert a time-
varying effect on the housing price. Thus, Eq. (1) serves as a
hedonic model for the changes in relative prices of houses with
varying observable characteristics. ¢,;, is the error term.
Standard errors are clustered at the estate level to allow for
the correlation of errors between observations in the same
housing estate.

After we have removed the price components deriving from
time-invariant housing attributes (y,), the time-varying impact of
observable characteristics (f(x,,?)), time-varying impacts from
the housing estate (1), the residual (fsp
the de-trended and quality-adjusted housing price. This residual
represents the portion of the housing price that cannot be
explained by the aforementioned factors, and it reflects the price
variation after adjusting for both quality and time trends. While it
is not directly an observed or predicted price, it serves as a
measure of price variation that accounts for these factors.

Price dispersion is defined as the cross-sectional variation in
transaction prices for homogeneous properties within a specific
period. Most studies use standard deviation as a scale-neutral
metric to measure housing price dispersion across regions and
time. A larger standard deviation indicates a higher degree of
dispersion. For example, Deng et al. (2012) use the standard
deviation of transaction prices to proxy price dispersion. Peng

i) can be interpreted as

and Thibodeau (2017) measure price dispersion using the
standard deviation of the pricing error—regression residual of
the hedonic price model. Ben-Shahar and Golan (2019) also
employ the 6-month standard deviation of quality-adjusted
housing prices to quantify price dispersion. In our analysis, we
calculate the quarterly standard deviation of these residuals in Eq.
(1) within each housing estate to measure housing price
dispersion. Therefore, housing price dispersion varies across both
quarters and housing estates.

Measuring liquidity. Liquidity in the real estate market reflects
how quickly a housing property can be traded at its current
market price. In a perfectly liquid market, assets can be traded
quickly without any price discount or premium. In an illiquid
market, sellers have to trade-off between increasing time to
market (TOM) and selling at a discount; buyers have to trade-off
between increasing searching effort and paying a premium
(Anglin et al. 2003; Merlo and Ortalo-Magne 2004).

Trading volume and turnover rates are commonly used proxies
for liquidity in the housing market. Trading volumes denote the
number of properties traded in each period, while the turnover
rate refers to the volume standardized by the total stock of
properties within a specified housing estate. We use turnover rate
as our liquidity proxy because it provides a more consistent
measure of liquidity, allowing us to assess how quickly properties
are traded relative to the total number of available properties.

Figure 1 illustrates the dynamics of housing price dispersion
and the housing price index in the Hong Kong housing market
during our study period. We highlight the stylized facts regarding
the temporal variation in price dispersion, which exhibits a
counter-cyclical pattern relative to boom-bust market cycles.
Specifically, price dispersion increases significantly during real
estate downturns and decreases during housing booms and
subsequent recovery periods.

Designating of housing investors. Another challenge in testing
our hypothesis is to construct an appropriate measure of
investment activities. First, we aim to identify whether a home-
buyer is an investor and when they were drawn into investing.
The processing flowchart is illustrated in Fig. 2. Second, we need
to distinguish properties for 1nvestment and primary residences
for each identified investor'”. The processing flowchart is pre-
sented in Fig. 3.

First, we follow Bayer, et al. (2021) to build a homeownershlp
profile over time for each homebuyer based on name'’ and
transaction date. We then examine whether the holding period of
a property overlaps with another for each homeowner. Thus, we
designate homeowners as investors once they acquire overlapping
properties (i.e., simultaneously holding two or more properties).
Given the search frictions in the housing market, we allow for
multiple holdings within a very brief period as a transition to
moving house. If the homeowner sells the previous property
within the six months before purchasing the second property,
then this homeowner is not classified as an investor. This method
is conservative to avoid classifying overlapping holdings deriving
from market frictions as investors.

Second, we identify the “primary residence” for each investor
in their portfolios of properties. For non-investors, the sole
property held is designated as the “primary residence”. For
investors, we designate the property purchased before acquiring
multiple holdings as the “primary residence”. To avoid mis-
classifying an investment property as a “primary residence”, the
property before overlapping holding is not assigned as a “primary
residence” if at least one of the following conditions is met: (i)
buying multiple properties within one year or from the same
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Price Dispersion and Housing Price Index
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Fig. 1 Price dispersion and price Index in the Hong Kong housing market. Figure 1 illustrates the quarterly dynamics of housing price dispersion and the
repeat sales price index in the Hong Kong housing market throughout our study period. The main stylized facts regarding temporal variations in price
dispersion reveal a counter-cyclical relationship with boom-bust market cycles.

Step 1: Identify Homebuyer

Has the Homebuyer Purchased
Multiple Properties?

Check Name-based Property
Tenure Profile

/

Type

\

No

l

Single Property Holder

Any overlapping holdings?

Is overlapping ownership due
to house moving?

No overlapping holdings?

~

Yes (sold previous property
within six months)

Do Not Designate as Investor

Designate property as Non-
investor's Primary Residence

No (multiple ownership for
more than six months)

|
v

Designate as Investor

Fig. 2 Classification of investors versus dwellers. This flowchart illustrates the process for distinguishing investors from homebuyers with residential
purposes. Individuals are classified as investors if they hold multiple properties with overlapping tenures, excluding transitional periods associated with

moving. Those with single-property holdings are classified as non-investors.

seller, (ii) the property that should have been identified as a
“primary residence” was held less than two years, (iii) the
property that should have been identified as a “primary
residence” overlaps with investment properties less than one
year if investors only have one investment property.

We assign all remaining overlapping properties held by
investors (i.e., those not classified as “primary residences”) as
“investment properties”. The investor’s entry date is the purchase
date of a first investment property (a second house except for the
“primary residence”).

Within the category of investment properties, we further
specify whether the property has been “flipped,” meaning resold
after a short holding period. The flipper’s (short-term investor’s)
entry date is the purchase date of their first flipped property. We
focus on this subgroup of investors because the Hong Kong SAR

government implemented a Special Stamp Duty (SSD) to curb
short-term speculation in the housing market. Effective from 20
November 2010, any residential property acquired on or after that
date and resold within 24 or 36 months is subject to SSD'*.
Responding to skepticism regarding the construction of
individual housing holding profiles over time, where the potential
for identical names to represent different individuals (homo-
nyms) could arise, it is true that such instances may occur.
However, the threat to our results is mitigated for several reasons.
First, we have excluded individuals with extremely common
names that are likely to result in a high incidence of homonyms,
reducing the risk of misidentification. Second, the majority of the
names in our database are recorded using the Hong Kong Pinyin
system, accompanied by the individual’s English name. This
bilingual naming convention significantly reduces the likelihood
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Step 2: Identify Investor's
Primary Residence and
Investment Properties

[

v

Designate Investor's Initial
Property Purchase as the
Primary Residence

- g

Special Cases ? No

. .

Mark as a Investment Mark as Primary Residence

v

Assign Remaining
Overlapping Properties as
Investment Properties

—

Mark as Investor's
Investment Properties
(invprop)

Note the purchase date of .
: Aggregation
the first investment property W

v

Counts of Investor Entries

Step 3: Check if the
investment property was

within Specific Time

ReccidlvestonEnty Intervals for a Given

flipped
PP Housing Estate (investor)
Holding Tenure < 2 yrs \No
Mark as Flipped P
arkasiliopediRropeny Mark as Regular
among Investment
- - Investment Property
Properties (flip)
Note the purchase date of \ .
Aggregation

the first flipped property

Counts of Flipper Entries
within Specific Time
Intervals for a Given

Housing Estate (flipper)

Record Flipper Entry

Fig. 3 Identification of investment properties within investor holdings. Following the identification of investors in Step 1, this flowchart focuses on
distinguishing investment properties within the investors' portfolios. The definition of an investment property in this paper is based on the property's role in
the investor's portfolio. If an individual owns multiple properties and holds them simultaneously (i.e., there is an overlap in the holding period), these are
likely to be classified as investment properties. However, the primary residence of an investor may be excluded from this classification if it can be identified
through our conservative procedures.
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Fig. 4 Number and share of investment properties purchased by Investors. Figure 4 visualizes the trends of investment activities, measured by the
number and share of “investment properties” traded in Hong Kong from 1994 to 2019, derived from micro-level transaction data.
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Fig. 5 Number and share of flipped properties purchased by investors. Figure 5 visualizes the trends in flipping activities (properties resold within two
years), measured by the number and share of “flipped properties” traded in Hong Kong from 1994 to 2019, based on micro-level transaction data.

of homonymic matches, as the combination of local and English
names provides a more unique identifier. Third, we have
conducted robustness checks by comparing our results with
alternative methods of identifying flippers based on holding
tenure. The consistency of our findings across different
identification methods reinforces the reliability of our
conclusions.

Figure 4 visualizes the trends and trading proportions of
investment activities in Hong Kong between 1994Q1 and
2019Q4, based on micro-level transaction data. Figure 5
illustrates the trends and trading proportions of flipped properties
(holding periods of less than two years) over the same period.
Their time-varying patterns are highly similar, which peaks at
around 1998Q4, 2007Q4, and 2010Q3. It shows an apparent
decline during the 1997 Asian Financial Crisis, the 2008 Global
Financial Crisis, and the introduction of Special Stamp Duty

8

(SSD)*® in 2010. Generally, our overall measure of investment
activities closely tracks the market trends and external shocks,
further supporting our measures of investment activities.

Identification Strategies

Baseline model. To investigate the impacts of investment activ-
ities on housing price dispersion, we measure investor activity
using the turnover index. This method helps convince that
changes in housing price dispersion are driven by investor
behavior, rather than simply an increase in market participants.
We first measure investor activity using the number of new
investor entries within a specific period, normalized by the total
property stock in a housing estate, referred to as the variable “new
investor entry turnover.” This measure reflects the count of new
investors entering the market, marked by the purchase of their
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Table 1 Summary Statistics of Key Variables.
Mean/Prop. SD Min. Max.
Panel A. property-level transaction data (N = 376,548)
Total Price (in million HKD) 3.50 257 0.25 28.50
Unite Price (in 10,000 HKD) 6.84 3.80 0.78 30.49
Saleable Area (Squared meters) 49.90 15.80 16.54 223.62
Bay Window Area (Square meters) 0.24 0.82 0.00 10.13
Building age 15.44 9.40 -1.67 49.92
Floor 18.14 12.45 0.00 81.00
Duplex 0.00 0.04 0.00 1.00
Roof 0.01 0.10 0.00 1.00
Balcony 0.08 0.27 0.00 1.00
Parking 0.01 0n 0.00 1.00
Garden 0.00 0.03 0.00 1.00
Bay Window Included 0.05 0.22 0.00 1.00
labeled as investment property 0.48 0.50 0.00 1.00
labeled as flip (subgroup of investment property: holding tenure <2 years) 0.05 0.23 0.00 1.00
Panel B. housing estate-level panel data (N =13,297)
Price dispersion (standard deviation method) 0.06 0.04 0.00 0.79
Investor entry turnover (%) 0.47 0.63 0.00 10.54
Flipper entry turnover (%) 0.24 0.38 0.00 473
Investors' investment properties turnover (%) 0.45 0.43 0.00 5.05
Investors' flipped properties turnover (%) 0.05 omn 0.00 176
Average neighborhood investment activities (within 1 mile radius) (%) 49.41 13.51 0.00 100.00
Average neighborhood investment activities (within 2 mile radius) (%) 49.45 10.03 0.00 100.00
Trading volume 24.22 40.48 2 669
Liquidity 0.01 0.01 0.00 0.12
Housing estate-specific house price index 0.00 0.77 —1.47 2.32
Private residential market yields 3.84 1.05 215 6.40
Supply (Completions divided by stock) 0.02 0.01 0.00 0.06
Estate size (Number of units in the estate) 2,806 2,335 892 20,503
2Panel A presents property-level transaction data used in Eq. (1) to derive price residuals from the combined model. It includes 376,548 observations, the sample size for Eq. (1), from which housing price
dispersion at the estate level is calculated using the standard deviation of price residuals. Panel B represents the estate-year-quarter panel, tracking variable changes across different estates over time. It
contains 13,297 observations, corresponding to the regression sample in Eq. (3). The summary statistics for Panel B are based on this sample.
bBuilding age is calculated as the transaction year minus the completion year. Negative values indicate presales.
CThe housing estate-specific house price index is extracted from the coefficients on interaction fixed effects between housing estate and year-quarter, and the values are normalized to 1.
dHousing supply = Completions/stock of residential properties; This variable varies with different classes of Saleable Floor Area (SFA). Data Source: Hong Kong SAR Government Rating and Valuation
Department. https://www.rvd.gov.hk/mobile/en/property_market_statistics/completions.html;
eData Source of property market yields in the private residential market: Hong Kong SAR Government Rating and Valuation Department. https://www.rvd.gov.hk/mobile/en/property_market_statistics/
;;ieuiil:wt;ngrice dispersion (the standard error of price residuals in Eq. (1)) is only computed when the trading volume exceeds two, hence the minimum trading volume is greater than zero.

first investment property, which subsequently results in multiple
holdings. Additionally, we distinguish investment properties
within investors’ portfolios. The number of investment properties
purchased by investors within a given period, normalized by the
total property stock, is used to measure investor activity through
the variable “investment property purchase turnover.” This vari-
able indicates the count of properties bought by investors during
the period. Thus, “new investor entry turnover” and “investment
property purchase turnover” represent investor activities from the
perspectives of “people” and “properties,” respectively. The
baseline model is specified as follows:

PD;,;, =B, + /311”"1‘,: +0X + Tar T €iap (3)

where the dependent variable PD;,, is the log-transformed
housing price dispersion of estate i, district d during period t.
Inv;, denotes the proxy variables for investment activity in estate
i in period ¢, expressed in log form. Our primary explanatory
variables of interest are “new investor entry turnover’ and
“investment property purchase turnover’ within the specified
housing estate i during period . A higher turnover of investor
entries or investment purchases indicates a greater level of local
investment activity.

7., represents the district-year-quarter fixed effects, which
capture the trends in log-transformed price dispersion specific to
each district. €, ; , is the error term. X includes the trading volume

in the specified housing estate for the current period ¢, along with
a vector of lagged controls. This vector comprises the estate-
specific time-varying residential price index derived from the
coefficients of #,, in Eq. (1), as well as liquidity, subregional
market yields, and supply in the private residential market.

The descriptive statistics of major variables in baseline
specifications are presented in Table 1.

Information spillover effects. To investigate how the informa-
tion spillover effects of real estate investment influence price
dispersion in nearby housing estates, we adopt the specification
specified in Eq. (4). This framework examines both direct and
indirect impacts of local investment activities on housing price
dispersion.

PD; 4, = By + By Inv;, +8Inv;, + 0X + 74, + €4, (4)

where subscripts i and t represent housing estate and period,
respectively, and subscript j represents other near estates j
(excluding estate i). mj‘t denotes the average neighborhood
investment activity in housing estate i's surrounding housing
estates (other housing estates within the specified distance).
Average neighborhood investment activity is proxied by the
proportion of investment purchases in surrounding housing
estates relative to all traded properties within a given period.
These trading activities can serve as a source of localized signals
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Table 2 Effects of Investor Entry on Housing Price Dispersion.

Dependent variable: Price Dispersion

m ) 3) 4)
Panel A. Investor Entry Turnover:
Current Quarter —0.6306™ (0.099) —0.5790™"" (0.147)
Lagged One Quarter —0.6709"" (0.147)
Lagged Two Quarter —0.5245"" (0.153)
Control No Yes Yes Yes
District-Year-Quarter FE Yes Yes Yes Yes
Adjusted R2 0.25 0.27 0.27 0.27
Observations 13,297 11,666 11,320 1,133
Panel B. Flipper Entry Turnover (Subgroup of Investors with Holding Tenure <2 Years):
Current Quarter —0.5509"" (0.101) —0.4304"" (0.141)
Lagged One Quarter —0.5214"" (0.143)
Lagged Two Quarter —0.5800""" (0.150)
Control No Yes Yes Yes
District-Year-Quarter FE Yes Yes Yes Yes
Adjusted R2 0.25 0.26 0.26 0.27
Observations 13,297 1,666 1,320 1,133

The dependent variable is housing price dispersion at the estate level for a given year-quarter, expressed in log form and derived from the standard deviation of price residuals in the combined model (Eq.
(1)). Summary statistics in Table 1, Panel B (13,297 observations) are based on the regression sample in column (1). The decrease in observations in columns (2), (3), and (4) results from the inclusion of
lagged terms for control variables and variables of interest, which introduce missing observations. Control variables include trading volume, lagged estate-specific residential price index (from Eq. (1)),
lagged liquidity, lagged subregional market yields, and lagged housing supply. Panel A uses investor entry turnover (the number of investor entries normalized by estate size, also in log form) as the main
explanatory variable, while Panel B uses flipper (short-term investor) entry turnover (the number of flipper entries normalized by estate size, in log form) as the main explanatory variable. These two
variables represent investor activity from the perspectives of individual investors (people). All regressions include district-year-quarter fixed effects. Robust standard errors (in parentheses) are adjusted
for clustering at the district-year-quarter level. Refer to the text for details and variable descriptions. *, ",

" represent significance levels of 10%, 5%, and 1%, respectively.

for investors in adjacent real estate markets. Our null hypothesis
is that § = 0; that is, local housing price dispersion is unaffected
by the investment activities of their immediate neighborhood.

Empirical Results
Benchmark results. The baseline regression results, reported in
Panel A of Table 2, demonstrate a negative and statistically sig-
nificant impact of investment activities on housing price disper-
sion. The coefficient on the variable of interests remains stable
and highly significant after including control variables, as
reported in column (2). Specifically, a one percent increase in
investor entry turnover is associated with a 0.58 percent decrease
in housing price dispersion. Further analysis in columns (3) and
(4) incorporates lagged investor entry turnover from the past and
previous two quarters, respectively. The results consistently
indicate a statistically significant reduction in housing price dis-
persion attributable to investment activities. These findings sug-
gest that the liquidity provided by investors, along with enhanced
information efficiency, outweighs any potential “noisy informa-
tion effect,” thereby contributing to a decrease in price dispersion.
Opverall, our empirical findings support Hypothesis 1, indicating
that housing investment activities contribute to a reduction in
price dispersion, even after controlling for trading volume and
lagged estate-level variables.

Furthermore, we apply the same specification presented in Panel
B of Table 2 to investigate the role of housing flippers, a subset of
investors who speculate for short-term returns by reselling
investment properties within two years. In Panel B, housing flippers
exhibit a significant negative effect on price dispersion, albeit with a
slightly smaller magnitude compared to all investors in Panel A.

Table 3 examines how investment property purchase turnover
affects housing price dispersion. The empirical results reveal a
significant negative relationship between investment properties
and housing price dispersion. Specifically, a one percent increase
in investment property purchase turnover corresponds to a 1.07
percent reduction in housing price dispersion. These findings
support Hypothesis 1, which asserts that investment activities
significantly reduce housing price dispersion. Besides, potential

10

downward measurement errors in investment activities may lead
to an underestimation of their actual impacts, resulting in a more
conservative estimation in this paper.

Results of asymmetric effects. To further examine whether the
impacts of investor activities exert heterogeneous effects on
housing price dispersion across boom-bust cycles, we incorporate
a series of year dummy variables that interact with either new
investor entry turnover or investment property purchase turn-
over. This approach allows us to intuitively observe how the
effects of investment activities evolve over time, providing
insights into the asymmetric impacts of these activities on
housing price dispersion under varying market conditions. Both
subfigures reveal a similar pattern: the effects of investment
activities on housing price dispersion are more pronounced
during declining periods, particularly in the two bust phases
(1998-2003 and 2008) and the transitional recovery period
(2004-2007). In contrast, the estimated effects during the two
boom periods (prior to 1997 and post-2009) are insignificant, as
the 95% confidence intervals encompass the zero line. This sug-
gests that investment activities play a pivotal role in influencing
housing price dispersion primarily during downturns, reinforcing
the notion that investors are crucial in enhancing market liquidity
and information efficiency in such contexts. This finding is
consistent with the predictions of Hypothesis 2, which states that
the impact of housing investment activities on price dispersion
manifests as an asymmetric pattern in cool and hot markets
Fig. 6.

Results of information spillover effects. The geographic nature
of the housing market provides a natural mechanism for infor-
mation spillover effects among investors, as potential housing
investors can use information from nearby investors to shape
their perception and trading behaviors (Bailey et al. 2019).
Comparable sales within the local neighborhood offer more
informative insights for potential buyers with a narrow search
scope focused on specific local submarkets than those in hyper-
local districts. In this context, information spillover effects are
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Table 3 Effects of Investment Properties on Housing Price Dispersion.

Dependent variable: Price Dispersion

(O] (2) 3) (4)
Panel A. Investors’ Investment Properties Turnover:
Current Quarter —0.7468™" (0.074) —1.0749™" (0.116)
Lagged One Quarter —1.0682"" (0.125)
Lagged Two Quarter —1.0967""" (0.119)
Control No Yes Yes Yes
District-Year-Quarter FE Yes Yes Yes Yes
Adjusted R? 0.25 0.27 0.27 0.27
Observations 13,297 1,666 11,320 1,133
Panel B. Investors' Flipped Properties (Holding Tenure < 2years) Turnover:
Current Quarter —1.0515""" (0.251) —0.6393" (0.332)
Lagged One Quarter —0.7499" (0.329)
Lagged Two Quarter —0.6884" (0.343)
Control No Yes Yes Yes
District-Year-Quarter FE Yes Yes Yes Yes
Adjusted R? 0.25 0.26 0.26 0.27
Observations 13,297 1,666 1,320 1,133
The dependent variable is housing price dispersion at the estate level during a specific year-quarter, expressed in log form. Robust standard errors (in parentheses) are adjusted for clustering at the
district-year-quarter level. Investment Property Purchase Turnover reflects the number of investment properties acquired by investors during the period, normalized by total property stock. Panel A uses
investor property turnover (the number of identified investment properties normalized by estate size, in log form) as the main explanatory variable, while Panel B uses flipper property turnover (the
number of short-term flipped properties normalized by estate size, in log form) as the main explanatory variable. These two variables represent investor activity from the perspectives of total investment
transactions (properties). All regressions include district-year-quarter fixed effects. Control variables include trading volume, the lagged estate-specific residential price index (from Eq. 1), lagged liquidity,
lagged subregional market yields, and lagged housing supply. Refer to the text for details and variable descriptions. , ", **" represent significance levels of 10%, 5%, and 1%, respectively.

(a) Investor's Entries (b) Investment Properties

27 2
1998-2003 Bust 2008 Financial Crisis 1998-2003 Bust 2008 Financial Crisis
1 1

Estimated Effects on Price Dispersion
Estimated Effects on Price Dispersion

2

-3 -3

95% ClI 95% ClI
®  Coef ®  Coef

-4 4
LOMNODDOTTANODOTOLOMNODDOTTNMITWOLONDOD LOMNOVDDO T ANOMOTULOMNODIDOTTANMOTLONOD
DODOPPOOOOPOOO T Y v y= o= qo y= = o= g DD NDOO0OO0O0O0O0CO00O0O T U T ™ ™ ™ ™ v
X XN oo Neololo oo ololoJolojojoo o olo N o oo No) X R R oo NelleNeoNeololoNoNeololololeololoNoNo e Ne)
Frrtrrr A ANNANANNNNNNNNNNNNNNNN FTrtrrrAANANNANNNANNNNNNNNNNNN

Year Year

Fig. 6 Heterogeneous effects of investment activities on price dispersion during Boom-Bust periods. Figure employs a series of year dummy variables
interacting with both new investor entry turnover and investment property purchase turnover. a, b The impact of investor activities on price dispersion.
a Measures investor activity using “new investor entry turnover,” defined as the number of new investors—those purchasing their first investment property
—normalized by total housing stock. b Uses “investment property purchase turnover,” the number of investment properties acquired by investors in a
given period, also normalized by housing stock. Both panels reveal consistent results supporting the presence of asymmetric effects. This methodology
enables an intuitive observation of how the effects of investment activities on housing price dispersion evolve over time. The analysis reveals the
asymmetric impacts of these activities under varying market conditions, illustrating how fluctuations in investment behavior correspond with shifts in price
dispersion throughout boom and bust cycles. The shaded blue areas indicate two major downturns (the 1998-2003 bust and the 2008 financial crisis),
where a more pronounced reduction in price dispersion underscores these asymmetric effects.
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Table 4 Effects of Neighborhood Investment Activities on Housing Price Dispersion.

Dependent variable: Price Dispersion

m

(2) 3) (4)

Average Neighborhood Investment Activities (within 1 mile
radius)
Average Neighborhood Investment Activities (within 2 miles
radius)

Control No
District-Year-Quarter FE Yes
Adjusted R2 0.25

Observations 13,085

—0.0164"" (0.006)

—0.0149" (0.007)

—0.0463" (0.026) —0.0487" (0.029)

Yes No Yes
Yes Yes Yes
0.27 0.25 0.26
1,490 13,292 1,661

represent significance levels of 10%, 5%, and 1%, respectively.

The dependent variable is housing price dispersion at the estate level during a specific year-quarter, expressed in log form. Robust standard errors (in parentheses) are adjusted for clustering at the
district-year-quarter level. The variable of interest is the average proportion of investment properties relative to the total trading volume in nearby housing estates within a specified radius, also expressed
in log form. Control variables include trading volume, the lagged estate-specific residential price index (from Eq. 1), lagged liquidity, lagged subregional market yields, and lagged housing supply. , ™", ™"

stronger in closer proximity and tend to diminish with distance.
Conversely, buyers with a broader search scope can benefit from
surrounding information, as it helps them gather more relevant
data, regardless of local or hyper-local distinctions. In this case,
information spillover effects may remain strong or even increase
with distance, as broader searches allow buyers to integrate a
wider range of data sources, enhancing their understanding of
market dynamics.

The results of the information spillover effects are presented in
Table 4. The average investment activity in nearby neighborhoods
within a one-mile radius is statistically significant and negatively
impacts housing price dispersion, as shown in columns (1) and
(2). Similarly, columns (3) and (4) demonstrate that average
investment activity within a two-mile radius also has significant
negative effects. Specifically, a one-percent increase in average
neighborhood investment activities (within one mile) leads to a
0.01 percent decrease in housing price dispersion, while a one-
percent increase within two miles results in a 0.05 percent
decrease. This suggests that the information spillover effects do
not decline significantly when the distance increases from one
mile to two miles, as hyper-local areas serve as substitutes for
broader searchers who are indifferent to specific locations. For
these broader searchers, increased investment activities in wider
neighborhoods provide more relevant price information for
reference, thereby enhancing their decision-making process and
contributing to a more efficient market (Bayer et al. 2021; Gao
et al. 2021).

Conclusion

While there is an argument that housing investors can destabilize
markets, our findings highlight the informational roles of housing
investors in reducing housing price dispersion by providing
liquidity and facilitating price discovery. Further analysis reveals
an asymmetric impact of investment activities on housing price
dispersion in cool and hot markets, with effects being more
pronounced during cooler periods. This implies that housing
investors can play a welfare-enhancing role in facilitating infor-
mation efficiency and the price discovery process, especially in
declining markets characterized by higher matching uncertainties
and limited price information.

Moreover, information spillover effects manifest geographically
during within-market analyses, as submarkets act as substitutes
for broader searchers in segmented housing markets. The pre-
valence of broad searchers facilitates the spillover of price infor-
mation across various submarkets, reshaping the market’s
response to localized demand and supply shocks. In the presence
of information spillover effects, investors with a broad search
scope help enhance market efficiency and reduce price dispersion

12

over a wider range. This analysis underscores the mechanisms
through which information circulates and influences the price
discovery process across different submarkets.

Our findings contribute to the debate about the role of inves-
tors in the housing market by emphasizing their welfare-
enhancing functions in promoting liquidity and price informa-
tion efficiency. While a common narrative suggests that housing
investors contribute to bubbles, leading policymakers to imple-
ment restrictions such as transaction taxes to curb speculation
and volatility, it is essential to recognize the value of informed
investors. These investors serve as intermediaries, enhancing
welfare in markets with informational frictions. However, gov-
ernment interventions aimed at curbing speculative fervor can be
a double-edged sword. These measures to deter speculative
investment activities can partially undermine the welfare-
enhancing roles of investors by discouraging both informed and
uninformed investors. Our study provides evidence that investor
activities are significant in reducing price dispersion, even amidst
noise-driven investors. Therefore, policymakers should carefully
evaluate the diverse functions of investors and tailor restrictions
to avoid unintended consequences, ensuring that interventions do
not hinder the beneficial roles of informed investors.

Our results provide potential policy implications regarding
information efficiency in the housing market, particularly in the
context of big data and the impacts of the digital economy. The
land registry of the Hong Kong SAR government provides access
to historical and current information on properties with char-
ges'®. As a result, potential home buyers incur transaction costs
when obtaining price information for comparable trades, which
can hinder the overall efficiency of property transactions. One
potential solution is to establish an open-access post-trade
information system that allows investors to access local demand-
side data, thereby enhancing information efficiency within the
segmented housing market. Furthermore, leveraging big data
analytics could improve the accuracy of price assessments and
market predictions, ultimately fostering a more transparent and
efficient housing market. Policymakers should consider these
strategies to mitigate information asymmetries and support
informed decision-making among market participants.

The limitations of this study and suggestions for future
research encompass two key aspects. First, future research could
leverage policy interventions and causal identification strategies
to generate more compelling evidence on how investor activities
affect housing price dispersion. While this paper primarily
focuses on the effects of investor activities on housing price
dispersion, an important area for future research involves the
causal identification of such effects through policy-induced
changes. The Special Stamp Duty (SSD), implemented in Hong
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Kong in November 2010, imposed a tax on properties resold
within 24 or 36 months after purchase. This policy unexpect-
edly curbed investor activities, creating a discontinuity in
investment patterns that can be leveraged to assess its effects on
housing markets. Future research will investigate the causal
effects of the SSD policy on housing price dispersion using
more in-depth analyses, such as regression discontinuity (RD)
design, to exploit the sharp timing of the policy implementa-
tion. These findings will contribute to a deeper understanding
of the long-term causal effects of policy interventions on
housing price dispersion. Second, our current lack of
individual-level data restricts our ability to categorize market
participants clearly. However, this presents an interesting ave-
nue for future research focused on the trading composition
among different types of investors. Future studies could
examine how various market segments, such as presale and spot
markets, with differing proportions of experienced versus first-
time investors, influence housing price dynamics.

Data availability

The data that support the findings of this study are subject to
EPRC  (https://www.eprc.com.hk/index.htm) license, ~which
restricts public sharing. As a result, the full dataset cannot be
made publicly available.
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Notes

From a household perspective, a typical household usually owns one single house
rather than a diversified housing property portfolio, each property transaction is
exposed to idiosyncratic risk due to price dispersion.

For example, financially distressed buyers seek to sell their assets quickly, resulting in
transaction prices that fall below their fair value (Shleifer and Vishny 1992). Besides,
uninformed non-local agents are more likely to pay higher transaction housing prices
(Chinco and Mayer 2016; Siebert and Seiler 2022). Deng et al. (2012) find the time-
on-market of less well-informed sellers is longer, and they sell at nearly a three-
percentage point discount relative to better-informed sellers.

Housing estate is a housing development project consisting of at least two building
towers, which covers approximately two-thirds of private housing transactions in
Hong Kong. The housing properties within the same estate are relatively
homogenous.

Liquidity supply is purchasing pressure: the inflow level of buyers, determining how
tight the equilibrium market is. Liquidity demand is the average impatience of sellers
to sell their housing properties.

Peng and Thibodeau (2017) document the correlation between idiosyncratic house
price dispersion and neighborhood attributes (e.g., average income) at the zip

—

8]

w

W

8]

code level.

There are several housing types in Hong Kong residential market, including private
housing estate, private single building, village house and public housing. Housing
estate indicate a housing project consisting of at least two building towers. Single
buildings are both smaller in size and number of units than estates. Housing estates
and single buildings are the major component of HKPHM.

We identify institutional agents based on name cleaning algorithm.

We drop records if transaction prices were less than HK$1 or more than HK$ 100
million. We also drop the records in which transaction date is earlier than completion
year of building. Although we exclude these transactions from our empirical analysis
of investment activities, we still use these records to flag investors and investment
properties.

This reference provides additional context for the combined methods used to
measure housing price dispersion.

10 Housing unit price (Hong Kong Dollars/ m2) is the total transaction prices divided by
saleable floor area.

The repeat sales model requires two transactions of the same property to eliminate
the impact of unobservable characteristics. In its simplest form, the model is
expressed as: In %: = Z,T:U 6,D; + &, Where pit is the price of property i in period ¢
and D;; is a dummy that takes the value of one in the period of the property sale. By
differencing the prices of the same property and assuming constant property
attributes, we eliminate the need to measure these characteristics. The pure repeat

f=)}

0

o

1

—_

sale model assumes that property attributes remain constant over time, and this

differencing method is analogous to the fixed effects approach in econometrics (the y,

term in Eq. (1)), both aiming to eliminate time-invariant property-level

characteristics and isolate price differences.

Different motivations for purchase may affect searching efforts and strategies for

homebuyers. Although some home buyers consider their primary residence as “an

investment”, we only focus on those who purchase additional properties for capital
gains rather than consumption of housing services.

We treat buyers’ name under joint ownership as separate when establish one’s

homeownership profile. To avoid assigning different homebuyers with the same

common name to one investor, we exclude homeowners with more than 50

transactions during our sample period. The results are robust to this threshold value.

14 https://www.gov.hk/en/residents/taxes/stamp/stamp_duty_rates.htm.

15 In late 2010, the Hong Kong Government levied a Special Stamp Duty (SSD) on
individual and institutional buyers who purchase a residential property resell it
within 36 months in Hong Kong. If they resell the house within 6 months since
purchase, they have to pay an SSD equivalent to 20% of the transaction price. If the
property is sold within 12 to 36 months, the SSD will be reduced to 10%.

16 https://www.landreg.gov.hk/en/services/services_b_6.htm.
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